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INORGANIC PYROPHOSPHATASE (P00817)
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FRUCTOSE-1,6-BISPHOSPHATASE, CHLOROPLASTIC (P46275)
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CARBON MONOXIDE DEHYDROGENASE MEDIUM CHAIN (P19914) GUANYL-SPECIFIC RIBONUCLEASE SA (P05798)

MIPPRFEYHA PKSVGEAVAL LGQLGSDAKL LAGGHSLLPM MKLRFAQPEH DVSGTVCLSA LPPEATDTLN LIASDGPFPY SQDGVVFQNR ESVLPTQSYG
LIDINRIPEL RGIREEGSTV VIGAMTVEND LISSPIVQAR LPLLAEAAKL YYHEYTVITP GARTRGTRRI  ITGEATQEDY YTGDHYATFS  LIDQTC
IADPQVRNRG TIGGDIAHGH PGNDHPALSI AVEAHFVLEG PNGRRTVPAD

GFFLGTYMTL LEENEVMVEI RVPAFAQGTG WAYEKLKRKT GDWATAGCAV

VMRKSGNTVS HIRIALTNVA PTALRREGGR SRLLGKAFTK EAVQAAADAA

IAICEPAEDL RGDADYKTAM  AGQMVKRALN AAWARCA
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Feladat

* Feherje klasszifikacio:
Neuralis halok segitségével vizsgaltam az adathalmazban talalhaté
aminosavszekvenciakat, hogy kapcsolatot talaljak a szekvenciak és az
azokhoz rendelt funkcids osztilyok kozott. Ezaltal olyan modellt

Iétrehozva, melynek segitségével besorolatlan fehérjék Is a mar meglévo

osztalyokba sorolhatdk, igy nyerve informaciot a miukodésiikrol.
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El0z0 telev osszetoglalasa

CONV1D CONV1D HYBRID HYBRID

Database unbalanced  balanced  unbalanced balanced
Train acc (%) 98.23 96.71 97.7 96.12
Train loss 0.06 0.15 0.09 0.17
Val acc (%) 55.58 45.18 57.18 38.23
Val loss 3.13 3.22 2.61 3.41
Test acc (%) 56.88 45.98 57.84 39.42
Test loss 2.99 3.19 2.56 3.37
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1DCONV & LSTM modell

Training and validation accuracy Training and validation loss

v

30— Training loss
convld_1 | input: —— \alidation |
— | TP | (None, 300, 32) | (None, 300, 64) oe il
ConvlD | output: 75
0.8
l 0.7 2.0
bidirectional 1(lstm_1) | input:
— (None, 300, 64) | (None, 300, 128) | ;5
Bidirectional(LSTM) | output: : 15
l 0.5
- . 10
average poolingld_1 | input: 0.4
- (None, 300, 128) | (None, 1, 128)
AveragePoolinglD | output: 0.3 0
| = Training acc
0.2 —— Validation acc
0.0
0 5 10 15 20 25 0 5 10 15 20 25

Parhuzamos kutatasban 1étrejott halozati felépités implementalasa TensorFlow kornyezetben alapmodellként.
Valamint az alapmodell kezdeti teljesitménye.
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3 LSTM réteggel rendelkezé modell teljesitménye.

Training and validation accuracy Training and validation loss

35
—— Training loss

— \Validation loss
30
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— Training acc
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5 LSTM réteggel rendelkezé modell teljesitménye.
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Pontossag valtozasa LSTM rétegszam novelésével

1L5TM 2 LSTM 3 LSTM 4 LSTM 5LSTM

mVal mTest
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Batch norm
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Residual 1IDCONV & LSTM modell
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A példaban szerepl6 architektirahoz hasonlé rezidualis blokk alkalmazasa LSTM réteggel.
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Osszehasonlitas
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Rezidualis blokkot alkalmazo6 (balra) és nem alkalmazo (jobbra) , 4 LSTM réteggel rendelkezé modellek.
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Dilated 1DCONV modell
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Dilated 1DCONV modell
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Az elozo félévben alkalmazott hagyomanyos 1D konvolucios halozat 0sszehasonlitasa a dilatalt konvolacios
modellel.
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